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Research on Optimization of NC Machining Cutting Parameter

AL ol IR A BRA ] X
(LRSS NG N e = opad

[#E] A DMC60H #Ax bk A X3 -F &, At
hE e Rk T AT, BRI HH) m LK,
B, KRR BP AP 22 ) & 5 5 4% T4 H] A Bk AL
AR, A FIREE U 3R R 6 HdE e T E AR
AR BR G 5 ee— M SRt R AR e T
B T FRABENR G S ARERRCAEA ELE
Lo

OB BPARLEMZE  BEHIINL AR S
&

[ABSTRACT] By taking DMC60H Horizontal ma-
chining center as a test platform, processing of the shell to
aluminum alloy parts as study object, NC milling test data
is extracted, and BP neural network is used to build optimi-
zation model for NC milling parameters. Production proves
that NC milling parameter optimization method presented
is practical and advanced. It can improve the processing
efficiency and is also greatly significant for realizing effi-
ciency optimization.
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Fig.1 Structure of BP neural network for optimization of milling
parameters
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Fig.2 Error curve
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Fig.3 Test chart of neural network performance
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Fig.4 Analysis chart of contrasting spindle
speed sample data with prediction data
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Fig.5 Analysis chart of contrasting feed rate sample data

with prediction data
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Fig.6 Main interface of optimization system software
for NC milling
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Fig.8 Comparison of burrs generated by different helix
direction of cutting tool
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Fig.9 Force on workpiece generated by different helix
direction of cutting tool
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